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ABSTRAK

Muhammad Rayhan. 202110715241. Perbandingan Algoritma Support Vector
Machine Dan Naive Bayes Pada Analisis Sentimen Ulasan Candi Borobudur. Bekasi:

Fakultas [lmu Komputer . Universitas Bhayangkara Jakarta Raya. 2025

Pertumbuhan ulasan wisatawan secara daring telah membuka peluang baru dalam
pemanfaatan data teks untuk mendukung pengambilan keputusan di sektor
pariwisata. Volume ulasan pengunjung yang besar di platform daring menyimpan
informasi berharga tentang pengalaman wisata, namun sulit dianalisis secara manual
karena keterbatasan waktu dan sumber daya. Selain itu, data ulasan cenderung
imbalanced akibat tidak semua pengunjung meninggalkan ulasan, sehingga
dibutuhkan pendekatan analisis yang mampu mengakomodasi kondisi
ketidakseimbangan data. Di sisi lain, belum terdapat kejelasan mengenai algoritma
machine learning yang paling efektif dalam menganalisis sentimen ulasan
wisatawan, sehingga perlu dilakukan perbandingan performa antara algoritma
Support Vector Machine (SVM) dan Naive Bayes. Penelitian ini bertujuan untuk
mengklasifikasikan sentimen wisatawan terhadap Candi Borobudur secara otomatis
menggunakan pendekatan machine learning. Data sebanyak 4.341 ulasan
dikumpulkan dari dua platform, yaitu Tiket.com dan Tripadvisor. Proses penelitian
mencakup tahap preprocessing, ekstraksi fitur menggunakan Term Frequency—
Inverse Document Frequency (TF-IDF), dan klasifikasi sentimen menggunakan dua
algoritma supervised learning: Naive Bayes dan Support Vector Machine (SVM).
Hasil evaluasi menunjukkan bahwa SVM memiliki performa lebih stabil dalam
menangani data yang imbalanced, dengan akurasi sebesar 88%, precision positif
91%, recall positif 95%, dan Fl-score positif 93%. Sementara itu, Naive Bayes
memiliki akurasi sebesar 83% dan recall positif 100%, tetapi lemah dalam
mengklasifikasikan sentimen negatif. Temuan ini menunjukkan bahwa SVM lebih
representatif untuk klasifikasi biner dalam analisis sentimen. Dengan demikian,
penerapan algoritma machine learning terbukti efektif dalam menganalisis sentimen
ulasan wisatawan secara otomatis, serta dapat menjadi dasar objektif dalam
pengelolaan destinasi wisata berbasis data.

Kata Kunci : machine learning; analisis sentimen; Support Vector Machine;
Naive Bayes; TF-IDF; ulasan wisatawan; klasifikasi teks.
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ABSTRACT

Muhammad Rayhan. 202110715241. A Comparison Of Support Vector Machine
And Naive Bayes Algorithms In Sentiment Analysis Of Borobudur Temple Reviews.
Bekasi: Faculty of Computer Science . Bhayangkara University Jakarta Raya. 2025

The growth of online tourist reviews has opened up new opportunities for leveraging
textual data to support decision-making in the tourism sector. The large volume of
visitor reviews on online platforms contains valuable information about tourist
experiences, but it is difficult to analyze manually due to time and resource
constraints. Additionally, review data tends to be imbalanced, as not all visitors leave
reviews, requiring an analytical approach that can accommodate data imbalance.
On the other hand, there is no clear consensus on which machine learning algorithm
is most effective in analyzing tourist sentiment, making it necessary to compare the
performance of Support Vector Machine (SVM) and Naive Bayes algorithms. This
study aims to automatically classify tourist sentiment toward Borobudur Temple
using a machine learning approach. A total of 4,341 reviews were collected from two
platforms: Tiket.com and Tripadvisor. The research process included preprocessing,
feature extraction using Term Frequency—Inverse Document Frequency (TF-IDF),
and sentiment classification using two supervised learning algorithms: Naive Bayes
and Support Vector Machine (SVM). Evaluation results show that SVM performs
more consistently in handling imbalanced data, achieving an accuracy of 88%,
positive precision of 91%, positive recall of 95%, and a positive F1-score of 93%.
Meanwhile, Naive Bayes achieved an accuracy of 83% and a positive recall of 100%
but was weak in classifying negative sentiment. These findings indicate that SVM is
more representative for binary classification in sentiment analysis. Thus, the
application of machine learning algorithms has proven effective in automatically
analyzing tourist reviews and can serve as an objective basis for data-driven tourism
destination management.

Keywords : machine learning; sentiment analysis,; Support Vector Machine,; Naive
Bayes; TF-IDF, tourist reviews; text classification.
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