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ABSTRAK

NABILA RAHMADHINTA, 202110715240. Perbandingan Naive Bayes dan
Support Vector Machine Dalam Analisis Sentimen Banjir Kota Bekasi Pada Media
Sosial X. Fakultas llmu Komputer. Bekasi: Universitas Bhyangkara Jakarta Raya.
2025.

Analisis sentimen memainkan peran penting dalam memahami opini publik terkait
peristiwa bencana, terutama melalui media sosial seperti X. Platform ini sering
digunakan oleh masyarakat untuk mengekspresikan pandangan mereka mengenai
pengelolaan banjir, keluhan warga, dan apresiasi terhadap pemerintah. Dalam
konteks ini, komentar pengguna terkait banjir yang terjadi di Kota Bekasi pada
tahun 2025 dianalisis untuk mengidentifikasi tren sentimen yang muncul, sekaligus
membandingkan kinerja algoritma Naive Bayes dan Support Vector Machine dalam
mengklasifikasi sentimen tersebut. Sebanyak 2.141 komentar dikumpulkan melalui
teknik crawling dan dibagi menjadi 80% data pelatihan dan 20% data pengujian.
Proses analisis mencakup tahapan pembersihan teks, tokenisasi, normalisasi, serta
pembobotan kata menggunakan metode TF-IDF. Hasil pengujian menunjukkan
algoritma Naive Bayes menghasilkan akurasi sebesar 80%, dengan hasil presisi
41%, recall 60%, f1-score 49%. Sedangkan, algoritma SVM menghasilkan akurasi
lebih besar 8% dari Naive Bayes, yaitu sebesar 88% dengan hasil presisi 65%, recall
49%, fl-score 56%. Hasil ini menunjukkan bahwa SVM lebih efektif dalam
mengklasifikasi opini publik terkait bencana banjir yang kompleks dan emosional.

Kata Kunci: Analisis Sentimen, Naive Bayes, Support Vector Machine, Banjir,
TF-IDF.



ABSTRACT

NABILA RAHMADHINTA, 202110715240. Comparison of Naive Bayes and
Support Vector Machine in Sentiment Analysis of Flooding in Bekasi City on Social
Media X. Faculty of Computer Science. Bekasi: University of Bhayangkara Jakarta
Raya. 2025.

Sentiment analysis plays a crucial role in understanding public opinion regarding
disaster events, especially through social media platforms such as X. This platform
is often used by the public to express their views on flood management, residents'
complaints, and appreciation toward the government. In this context, user
comments related to the 2025 flood in Bekasi City were analyzed to identify
emerging sentiment trends, while also comparing the performance of the Naive
Bayes and Support Vector Machine algorithms in classifying these sentiments. A
total of 2,141 comments were collected using a crawling technique and divided into
80% training data and 20% testing data. The analysis process included text
cleaning, tokenization, normalization, and word weighting using the TF-IDF
method. The testing results showed that the Naive Bayes algorithm achieved an
accuracy of 80%, with a precision of 41%, recall of 60%, and F1-score of 49%.
Meanwhile, the SVM algorithm achieved 8% higher accuracy than Naive Bayes,
reaching 88%, with a precision of 65%, recall of 49%, and F1-score of 56%. These
results indicate that SVM is more effective in classifying public opinions related to
complex and emotionally charged flood disasters.

Keywords: Sentiment Analysis, Naive Bayes, Support Vector Machine, Flood, X,
TF-IDF.
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