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ABSTRAK

Silviana Sevira. 202010225179. Analisis Sentimen Masyarakat Terhadap Hasil
Real Count KPU 2024 Pada Media Sosial Instagram Menggunakan Naive Bayes
Dan Support Vector Machine.

Di Indonesia, sistem pemerintahan yang diterapkan adalah demokrasi, salah satu
ciri utamanya adalah pemilihan umum secara berkala. Media sosial, khususnya
Instagram, telah menjadi platform utama bagi masyarakat untuk berdiskusi dan
menyampaikan opini terkait berbagai isu, termasuk proses pemilu dan hasil real
count, terdapat beragam pendapat masyarakat yang mencerminkan kecurigaan
terhadap kemungkinan terjadinya kecurangan dalam proses tersebut. Penelitian ini
bertujuan untuk menganalisis sentimen masyarakat terhadap hasil Real Count KPU
2024 berdasarkan komentar di Instagram. Metode yang digunakan adalah algoritma
Naive Bayes dan Support Vector Machine untuk mengklasifikasikan sentimen
menjadi positif dan negatif. Hasil analisis menunjukkan bahwa dari total 1.500
komentar, 865 komentar bersentimen negatif, sementara 635 komentar bersentimen
positif. Untuk pengujian model, dataset dibagi menjadi beberapa rasio. Pada rasio
70:30, akurasi Naive Bayes menghasilkan 73% dan Support Vector Machine 76%.
Pada rasio 80:20, akurasi Naive Bayes sebesar 77% dan Support Vector Machine
76%. Pada rasio 90:10, hasil akurasi Naive Bayes sebesar 81% dan Support Vector
Machine 75%. Hal ini menunjukkan Naive Bayes menghasilkan akurasi lebih tinggi
pada rasio 90:10 dan 80:20, sedangkan Support Vector Machine menghasilkan
akurasi lebih tinggi hanya pada rasio 70:30. Dapat disimpulkan bahwa metode
Naive Bayes lebih unggul dengan rasio 90:10 dalam menganalisis sentimen
masyarakat terhadap hasil Real Count KPU 2024 daripada Support Vector Machine.

Kata Kunci: Analisis Sentimen, Real Count KPU 2024, Insagram, Naive Bayes,
Support Vector Machine.
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ABSTRACT

Silviana Sevira. 202010225179. Analysis of Public Sentiment towards KPU 2024
Real Count Results on Instagram Social Media Using Naive Bayes and Support
Vector Machine.

In Indonesia, the system of government implemented is democracy, one of the main
characteristics of which is periodic elections. Social media, especially Instagram,
has become the main platform for people to discuss and express opinions on various
issues, including the election process and the results of the real count, there are
various public opinions that reflect suspicion of possible fraud in the process. This
study aims to analyze public sentiment towards the 2024 KPU Real Count results
based on comments on Instagram. The methods used are Naive Bayes algorithm
and Support Vector Machine to classify sentiment into positive and negative. The
analysis results show that out of a total of 1,500 comments, 865 comments have
negative sentiments, while 635 comments have positive sentiments. For model
testing, the dataset was divided into several ratios. At a 70:30 ratio, the Naive Bayes
accuracy yielded 73% and Support Vector Machine 76%. At a ratio of 80:20, Naive
Bayes accuracy was 77% and Support Vector Machine 76%. At a ratio of 90:10,
Naive Bayes accuracy results in 81% and Support Vector Machine 75%. This shows
that Naive Bayes produces higher accuracy at a ratio of 90:10 and 80:20, while
Support Vector Machine produces higher accuracy only at a ratio of 70:30. It can
be concluded that the Naive Bayes method is superior to the 90:10 ratio in
analyzing public sentiment towards the 2024 KPU Real Count results than the
Support Vector Machine.

Keywords: Sentiment Analysis, Real Count KPU 2024, Insagram, Naive Bayes,
Support Vector Machine.
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