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ABSTRAK

Aldira Ryan Pratama. 202110715223. Analisis Sentimen Komentar YouTube
terhadap Kebijakan Politik Daya Anagata Nusantara menggunakan Long Short-
Term Memory dan Skip-gram. Bekasi: Fakultas Ilmu Komputer. Universitas
Bhayangkara Jakarta Raya. 2025.

Media sosial, khususnya YouTube, telah menjadi ruang diskusi publik terhadap
berbagai isu kebijakan, termasuk pembentukan Daya Anagata Nusantara
(Danantara). Di tengah meningkatnya opini publik yang beragam, belum tersedia
sistem otomatis yang mampu menganalisis kecenderungan sentimen masyarakat
secara efisien. Model LSTM standalone sering kali menghasilkan akurasi yang
fluktuatif pada data teks berbahasa Indonesia, sementara kombinasi LSTM dan
Skip-gram masih jarang diterapkan dalam konteks kebijakan politik domestik.
Penelitian ini bertujuan untuk mengidentifikasi pola sentimen publik terhadap
kebijakan Danantara melalui analisis komentar YouTube, serta mengevaluasi
performa model kombinasi LSTM dan Skip-gram dibandingkan dengan LSTM
standalone. Metode yang digunakan mengikuti pendekatan SEMMA (Sample,
Explore, Modify, Model, Assess). Sebanyak 1.000 komentar digunakan untuk
analisis sentimen, sementara 2.480 data digunakan sebagai korpus pelatihan
embedding Skip-gram. Pelabelan dilakukan dengan pendekatan leksikon (InSet)
dan Kklasifikasi bersifat biner (positif-negatif). Evaluasi performa dilakukan
menggunakan confusion matrix dan metrik klasifikasi (accuracy, precision, recall,
Fl-score) pada tiga skema data: 70:15:15, 80:10:10, dan 90:5:5. Hasil
menunjukkan bahwa sentimen publik terhadap Danantara cenderung negatif,
dengan banyak komentar yang menyuarakan kekhawatiran atas potensi
penyalahgunaan kebijakan. Model LSTM standalone menghasilkan performa
tertinggi pada skema 90:5:5 dengan akurasi 92% dan F'/-score 91,66%. Sebaliknya,
kombinasi LSTM dan Skip-gram menunjukkan validasi yang lebih stabil (84%-
86%) namun mencatat F'/-score terendah 78,91% pada data uji akibat rendahnya
recall. Dengan demikian, meskipun model kombinasi lebih stabil selama pelatihan
dan validasi, LSTM standalone lebih unggul dalam mengeneralisasi terhadap data
nyata.

Kata Kunci: Analisis Sentimen, YouTube, Danantara, Long Short-Term Memory,
Skip-gram.
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ABSTRACT

Aldira Ryan Pratama. 202110715223. Sentiment Analysis of YouTube Comments
on the Political Policy of Daya Anagata Nusantara Using Long Short-Term Memory
and Skip-gram. Bekasi: Faculty of Computer Science. Bhayangkara University
Jakarta Raya. 2025.

Social media, particularly YouTube, has become a public forum for discussing
various policy issues, including the formation of Daya Anagata Nusantara
(Danantara). Amid the growing diversity of public opinion, there is still no
automated system capable of efficiently analyzing sentiment trends in society.
Standalone LSTM models often produce fluctuating accuracy when applied to
Indonesian-language text data, while the combination of LSTM and Skip-gram
remains rarely explored within the context of domestic political policies. This study
aims to identify public sentiment patterns toward the Danantara policy through
YouTube comment analysis and to evaluate the performance of a combined LSTM
and Skip-gram model compared to a standalone LSTM model. The methodology
follows the SEMMA approach (Sample, Explore, Modify, Model, Assess). A total of
1,000 comments were used for sentiment analysis, while 2,480 data points served
as the training corpus for Skip-gram embedding. Sentiment labeling was conducted
using a lexicon-based method (InSet), and classification was binary (positive-
negative). Model performance was evaluated using a confusion matrix and
classification metrics (accuracy, precision, recall, Fl-score) across three data
splits: 70:15:15, 80:10:10, and 90:5:5. Results indicate that public sentiment
toward Danantara tends to be negative, with many comments expressing concerns
about potential policy misuse. The standalone LSTM model achieved the highest
performance under the 90:5:5 split, with an accuracy of 92% and an F1-score of
91.66%. In contrast, the LSTM and Skip-gram combination demonstrated more
stable validation scores (ranging from 84% to 86%) but recorded the lowest F1I-
score of 78.91% on test data due to low recall. Therefore, while the combined model
is more stable during training and validation, the standalone LSTM model is more
effective at generalizing to real-world data.

Keywords: Sentiment Analysis, YouTube, Danantara, Long Short-Term Memory,
Skip-gram
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