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ABSTRAK

Farizal Salman 201910225253, Analisis Sentimen Ulasan Taman Hiburan
Rainbow Alamanda Pada Situs Google Review Menggunakan Metode Support
Vector Machine Dan Naive Bayes. Bekasi: Fakultas [lmu Komputer. Universitas
Bhayangkara Jakarta Raya. 2025.

Taman Hiburan Rainbow Alamanda adalah salah satu destinasi wisata keluarga
yang ramai dikunjungi khususnya untuk masyarakat Bekasi. Taman hiburan ini
telah menerima ribuan ulasan dari pengunjung di platform Google Review. Ulasan
ini mencerminkan persepsi publik terhadap kualitas layanan dan fasilitas yang
ditawarkan, sehingga penting untuk dianalisis secara sistematis. Berdasarkan hal
tersebut maka penelitian ini bertujuan untuk menganalisis sentimen ulasan
pengunjung di Google Review terhadap Rainbow Alamanda menggunakan dua
algoritma pembelajaran mesin, yaitu Naive Bayes dan Support Vector Machine
(SVM), serta membandingkan performa keduanya. Proses penelitian mengikuti
pendekatan SEMMA (Sample, Explore, Modify, Model, Assess) dengan data
sebanyak 2.394 ulasan yang diperoleh melalui teknik web scraping. Hasil evaluasi
menunjukkan bahwa metode Naive Bayes memberikan performa terbaik pada rasio
data latih:uji 70:30 dengan akurasi 86.32%, presisi 86.83%, recall 85.81%, dan F1-
score 86.08%. Sementara itu, metode SVM dengan kernel RBF (C=10, y=0.1)
menghasilkan performa lebih tinggi dengan akurasi 88.44%, presisi 90.27%, recall
88.31%, dan F1-score 89.28%.

Kata kunci: Analisis sentimen, Google Review, Rainbow Alamanda, Support
Vector Machine, Naive Bayes
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ABSTRACT

Farizal Salman 201910225253, Sentiment Analysis of Rainbow Alamanda Theme
Park Reviews on Google Review Using Support Vector Machine and Naive Bayes
Methods. Bekasi: Faculty of Computer Science, Bhayangkara University, Jakarta
Raya. 2025.

As one of the popular family tourist destinations, Rainbow Alamanda Theme Park
has received thousands of reviews from visitors on the Google Review platform.
These reviews reflect public perceptions of the quality of services and facilities
offered, making it important to analyze them systematically. This study aims to
analyze the sentiment of visitor reviews on Google Review regarding Rainbow
Alamanda using two machine learning algorithms: Naive Bayes and Support Vector
Machine (SVM), and to compare the performance of both methods. The research
process follows the SEMMA approach (Sample, Explore, Modify, Model, Assess),
utilizing a dataset of 2,394 reviews collected through web scraping techniques. The
evaluation results show that the Naive Bayes method performed best with a
training-to-testing data ratio of 70:30, achieving an accuracy of 86.32%, precision
of 86.83%, recall of 85.81%, and an F1-score of 86.08%. Meanwhile, the SVM
method with an RBF kernel (C=10, y=0.1) achieved higher performance, with an
accuracy of 88.44%, precision of 90.27%, recall of 88.31%, and an F1-score of
89.28%.

Keywords: Sentiment analysis, Google Review, Rainbow Alamanda, Support
Vector Machine, Naive Bayes
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